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Abstract

Finding the patterns of defection for predicting
customers' behavior is an important issue since
holding loyal customers is directly related to the
company’s profit. This paper proposes an integrated
3-phased methodology for discovering rules of
defection process using customers' time-varying
usage log. Using moving average method, sequential
events from daily usage data were abstracted, then we
performed frequent sequence search just before the
occurrence of defection. The methodology can be
applied to interactive internet service which requires

user authentication such as in chatting, community,

on-line game etc.

1. A&

A0 nAL A5 vERT A 1A4E
AsHe v go] €4 Bol £8HER, V|HEL @
Aol nAEE FARN0T vhEe] oger] gx
Z dolgt o0& Susd + A9(2]. #A IH
Yo] 5A3l7] A7Al= nde] A FRE £
717} 53 olzfig o, QE o] HHE3iEN, UAH
g o] & M2 Auxrt FANNA LARR
o] gEo] golsFRn, 7|}de]l BRFTF nARRI}

g ol 027747 Poh G4 HYAHE
ZEolgn & £ A WAL, odd, F2A
# AMujx FoAME ALE2Y BE AlH]& o] 7]

. o1& B 1A ALg A

& 2AY FF oY A5AL 958 & Atk
B ERoAE olgnAT AFAAY Aulx o

ARe £AARE W), @A nAY o 7
54 2 ol RASY oy FAL Tohhi W
& AHaT @,

2

2. 4 39 & ¥y

AR Fke] HElAE F AR
3t AE, 4 AMBAEY 237, 2ok
zh, AEHA Fol B8 HRE MW 7158 F
stk £ @7dAE o# 2a3EE 98 ol
Ha AMgat, F 234ER o) nA9 od
dol &3 3L FEAle AL FHE Foh

=8 gae

Usage log Rule of
W iy Defection
service Patterns

[2¥ 1] Overall Procedure

— 2

Copyright (C) 2005 NuriMedia Co., Ltd.



Usage log

Daily sum of usage
grouped by defection

Rules

[2¥2] 3-phased Methodology
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