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Low | 0.60484 | 0.24355 | 0.15161
Soldier |Normal| 0.58548 | 0.23710 | 0.17742
Double | 0.47258 | 0.35484 | 0.17258

Low | 0.09677 | 0.75968 | 0.14355
Tank Normal | 0.02742 | 0.93065 | 0.04193
Double | 0.00484 | 0.99032 | 0.00484

Low | 0.01613 | 0.03710 | 0.94677
Airplane |Normal| 0.00806 | 0.06452 | 0.92742
Double | 0.00484 | 0.16452 | 0.83065
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